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Abstract. Small language models (SLMs) are emerging as a promising
alternative to large language models for educational applications. This
workshop aims to explore the potential of SLMs in education, focusing
on their unique advantages and the challenges they present. By bringing
together researchers from the AIED, EDM, and L@S communities, we
hope to foster interdisciplinary collaboration and identify new research
directions that leverage the strengths of each community to improve
learning outcomes. The expected results of the workshop include a com-
prehensive understanding of the current state of small language models,
the identification of key research challenges and opportunities, and the
development of a shared research agenda that guides future work.
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1 Introduction

We plan to organize a full-day workshop1 that brings researchers from the
Artificial Intelligence in Education (AIED), Educational Data Mining (EDM),
and Learning at Scale (L@S) communities to explore the potential of small
language models (SLMs) in education. We define SLMs as open-weight
language models with fewer than 10 billion parameters [12], in contrast to large
language models (LLMs) with hundreds of billions of parameters that have
dominated recent discussions in the field. Capable of being deployed locally on

1 Workshop website: https://slm4ed-workshop.github.io/
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consumer-grade hardware, SLMs offer a unique opportunity for research com-
munities to develop personalized, accessible, and privacy-preserving educational
technologies. The purpose of this workshop is to foster interdisciplinary col-
laboration and develop a shared research agenda that takes advantage of the
strengths of each community to address the unique challenges and opportunities
presented by SLMs in education. By focusing on the intersection of these three
communities, we hope to identify innovative applications of SLMs, develop new
methodologies for their evaluation and deployment, and ultimately contribute to
the development of effective educational technologies accessible to a wide range
of learners.

We welcome researchers and practitioners from all three communities: AIED,
EDM, and L@S. We believe that the integration of SLMs in education presents
a multifaceted challenge that requires the combined expertise of these commu-
nities to address effectively. AIED researchers will bring insights into instruc-
tional design and the development of intelligent tutoring systems, while EDM
researchers will contribute their expertise in data mining and analysis to under-
stand how SLMs can be fine-tuned and evaluated using educational data. L@S
researchers will provide valuable perspectives on the scalability and deployment
of SLMs in large-scale educational settings. We expect to attract around 30 par-
ticipants, including researchers, educators, and industry professionals interested
in the emerging applications of SLMs in education. This workshop will provide
a unique opportunity for attendees to engage in interdisciplinary discussions,
share their research, and collaborate to develop a shared research agenda for
SLMs in education.

2 Theme and Goals

It is an exciting time for the AIED, EDM, and L@S communities, as rapid ad-
vances in natural language processing (NLP) have opened up new possibilities
for personalized learning, intelligent tutoring systems, and educational content
generation. However, the integration of NLP technologies into education has
largely been dominated by large language models (LLMs) with hundreds of bil-
lion parameters. The GPT model family [3], for example, has become nearly
synonymous with “LLM” in public discourses, and the AIED community has
been no exception [12]. A quick, conservative search of “large language model”
or “LLM” in the AIED 2025 proceedings [1] reveals that 157 of 259 full and
short papers (60.6%) contained these two keywords and that 93 of those 157 pa-
pers (59.2%) also mentioned “GPT”. Although these LLMs have demonstrated
impressive NLP capabilities, they are often proprietary and require significant
computational resources to deploy. In addition, their adoption in education is
constrained by privacy concerns, high inference costs, and latency issues, which
can limit their accessibility and effectiveness in educational settings, especially
in environments with limited resources [12].

In contrast, small language models, which we define as open-weight lan-
guage models with fewer than 10 billion parameters, have only recently
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begun to gain attention in the community. SLMs offer several advantages over
LLMs, including lower computational requirements, reduced inference costs, and
the ability to be deployed locally on consumer-grade hardware [12]. This makes
SLMs particularly attractive for educational applications [10], where privacy
concerns and resource constraints are often significant barriers to adoption [9].
In addition, SLMs can be efficiently fine-tuned on high-quality domain-specific
educational data to provide accurate curriculum-aligned responses [5] and have
great potential to build flexible AI agents [2].

This workshop aims to explore the potential of SLMs in education, focusing
on their unique advantages and the challenges they present. By bringing together
experts from the AIED, EDM, and L@S communities, we hope to foster inter-
disciplinary collaboration and identify new research directions that leverage the
strengths of SLMs to improve learning outcomes. The expected results of the
workshop include a comprehensive understanding of the current state of SLMs
in education, the identification of key research challenges and opportunities, and
the development of a shared research agenda that can guide future work.

3 Expected Outcomes and Contributions

The expected outcomes of this workshop include:

– A comprehensive understanding of the current state of SLM research in
education, including recent advancements, ongoing challenges, and potential
applications.

– Identification of key research challenges and opportunities related to SLMs
in education, informed by interdisciplinary discussions among AIED, EDM,
and L@S researchers.

– Development of a shared research agenda that can guide future work in
this area, which will be documented in a white paper co-authored by all
participants.

– Strengthened interdisciplinary collaborations between researchers from the
AIED, EDM, and L@S communities, as well as with participants from related
fields such as human-computer interaction and machine learning.

– Dissemination of the workshop’s findings and outputs through publications
in the CEUR Workshop Proceedings2 and a relevant journal, as well as
through the workshop’s website.

We believe that these outcomes will make significant contributions to the re-
search communities by providing a clear agenda for the integration of SLMs into
education. The insights gained from this workshop will help inform the design,
development, and deployment of SLM-based educational applications accessible
to a wide range of learners. In addition, the interdisciplinary collaborations that
are fostered by this workshop will help drive innovation and advance research in
this burgeoning area.
2 https://ceur-ws.org/

https://ceur-ws.org/
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4 Program Committee

The program committee of this workshop includes a PhD student, an early-
career researcher, and four senior researchers from the AIED, EDM, and L@S
communities. We have a track record of organizing successful workshops at major
conferences in the field [7,4,8,6], and we are committed to fostering an inclusive
and collaborative environment that encourages participation from researchers at
all stages of their career. Our combined expertise in educational technology, data
mining, and learning analytics will enable us to facilitate meaningful discussions
and guide the development of a comprehensive research agenda for SLMs in
education. The biographies of the organizers are as follows:

– Yumou Wei (Workshop Chair) is a PhD student in the Human-Computer
Interaction Institute at Carnegie Mellon University. His research focuses on
building educational technologies that support mastery learning at scale. He
has published papers in the EDM and Learning Analytics and Knowledge
(LAK) conferences describing innovative uses of SLMs for KC modeling [11]
and question generation [13].

– Steven Moore is an Assistant Professor in the Department of Information
Sciences and Technology at George Mason University. He studies how to de-
sign educational technologies that improve student learning and how people
use AI to learn.

– Paulo F. Carvalho is an Assistant Professor in the Human-Computer In-
teraction Institute at Carnegie Mellon University. His research sits at the in-
tersection of learning science and educational technology, investigating how
the cognitive, metacognitive, and motivational processes of learners can in-
form the design of more effective, practice-first learning technologies.

– John Stamper is an Associate Professor in the Human-Computer Interac-
tion Institute at Carnegie Mellon University. His research focuses on using
big data collected from educational systems to improve student learning.

– Christopher Brooks is an Associate Professor in the School of Information
at the University of Michigan. He builds and studies the effects of educational
technologies in higher education and informal learning environments, with a
particular domain focus on data science education and methodological inter-
ests in predictive modeling, learning analytics, and collaborative learning.

– Michael Liut is an Assistant Professor, Teaching Stream (Computer Sci-
ence) in the Department of Mathematical and Computational Sciences, Uni-
versity of Toronto Mississauga. His research focuses on the design and de-
velopment of educational technologies that support learning in computer
science, with a particular interest in the use of AI and machine learning to
enhance student learning outcomes.

This is the first edition of the workshop, and we hope to establish it as an
annual event that continues to foster interdisciplinary collaboration and advance
research on small language models in education.
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